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ABSTRACT: The Beijing government implemented a number of clean
air action plans to improve air quality in the last 10 years, which
contributed to changes in the concentration of fine particles and their
compositions. However, quantifying the impacts of these interventions is
challenging as meteorology masks the real changes in observed
concentrations. Here, we applied a machine learning technique to
decouple the effect of meteorology and evaluate the changes in the
chemistry of nonrefractory PM1 (particulate matter less than 1 μm) in
winter 2007, 2016, and 2017 as a result of the clean air actions. The
observed mass concentrations of PM1 were 74.6, 90.2, and 36.1 μg m−3

in the three winters, while the deweathered concentrations were 74.2, 78.7, and 46.3 μg m−3, respectively. The deweathered
concentrations of PM1, organics, sulfate, ammonium, chloride, SO2, NO2, and CO decreased by −38, −46, −59, −24, −51,
−89, −16, and −52% in 2017 in comparison to 2007. On the contrary, the deweathered concentration of nitrates increased by
4%. Our results indicate that the clean air actions implemented in 2017 were highly effective in reducing ambient concentrations
of SO2, CO, and PM1 organics, sulfate, ammonium, and chloride, but the control of nitrate and PM1 organics remains a major
challenge.

■ INTRODUCTION

Frequent haze pollution in China has drawn great attention
because of its adverse impacts on visibility, public health,1 and
complex interaction with the climate.2 Beijing was one of the
most polluted megacities in the world and has suffered
persistent severe haze episodes in last two decades.3−6 During
the severe haze episode, the hourly PM2.5 concentration
reached 500−600 μg m−3.5,7 Haze events are formed primarily
because of the unfavorable meteorological conditions limiting
the dispersion of pollutants, rather than due to sudden increase
in emissions.
A series of air pollution control measures were implemented

since the late 1990s. Most important regulations were related
to energy system restructuring and vehicle emissions.8 Because
coal combustion has always been a major air pollution source
in Beijing, many interventions were put into place to reduce
the air pollutant emissions from this source. These include the

desulfurization retrofit, coal to gas in urban areas and
denitrification retrofit for power plants since 2005, reduced
coal combustion by nearly 11 million tons by 2017, and
renovation of coal-fired boilers and old one-story houses in
core areas in the mid-2000s. By the end of 2017, coal-fired
boilers with a capacity below 7 MW in the whole city and
those with a capacity below 25 MW were basically eliminated
in urban areas; there is no longer coal combustion in industry
fields, and no residential coal use in the core area in the six
districts and the southern plains.9 Importantly, the “no-coal
zone” policy in 2017 has been suggested to play a major role in
reducing the air pollution levels in Beijing.8 Focusing on new
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vehicles, in-use vehicles, and fuel quality, a series of local
emission and fuel quality standards for light-duty gasoline and
heavy-duty diesel vehicles have been implemented in Beijing
from 2008 to 2017. Moreover, comprehensive control
measures as well as strengthened traffic management since
2008 such as driving restriction on light-duty passenger cars
once a week, subsidized scrappage of yellow-labeled vehicles,
and odd-even vehicle restriction for temporary measures. By
the end of 2017, the most stringent standards for vehicles and
fuels were implemented, and all yellow-labeled vehicles were
scrapped.9 Under these control measures, annual average
concentration of PM2.5 dropped to 58 and 51 μg m−3 in 2017
and 2018, respectively, and decreased by 36 and 43%
compared with that in 2013.10,11 In contrast, there was
evidence that the mass concentration of submicron aerosol
(PM1) showed no significant reductions from 2005 to 2016.12

Considering that PM1 is the dominant contributor to the
impacts of PM on human health and visibility,13 it is essential
to quantify the variation chemistry and emissions of PM1 in
order to evaluate the impact of pollution control measures.
Temporal variation of the concentration of nonrefractory

chemical species in PM1 in Beijing was studied exten-
sively4,5,12,14,15 to understand heavy haze formation mecha-
nisms and/or to apportion the sources of PM1. Previous
studies reported that the mass concentration of PM1 in the
winter of 2008 was 73 μg m−3,15 66.8 μg m−3 in winter 2011,16

89.3 μg m−3 in winter 2013,17 64 μg m−3 in winter 2014,14 and
92.9 μg m−3 in winter 2016.12 These data show that mass
concentration of PM1 fluctuated from 2007 to 2016, including
the four years when the Clean Air Action Plan was
implemented (2013−2016). These studies also provided data
for understanding the changes in concentration of PM1.
Unfortunately, such data cannot be directly used to understand
the real change in PM1 concentrations as a result of the
emission reductions (i.e., because of air pollution control).
However, it is of great interest to the government, policy-
makers, and general public to know whether the specific action
plan is working to meet the set targets. This is highly
challenging because the measured concentrations of chemical
species in PM1 are determined by both emissions and
meteorology.10,18 Therefore, to evaluate the link between
pollution emissions and interventions, it is essential to
decouple the effects of meteorology on measured concen-
trations.
Air quality modeling is the most commonly used method to

study the effects of meteorology on air pollution levels and
evaluate the effectiveness of pollution control measures.19

Chemical transport models are widely used to evaluate the
response of air quality to emission control policies.20

Atmospheric circulation and dynamic mechanism were also
applied to identify the importance of meteorological conditions
and its contributions to the improvement of air quality for the
period 1960−2012, 1980−2013, and 2013−2017, respec-
tively.11,21,22 Li et al. selected similar local and regional
meteorological conditions before and during the parade to
elucidate the net effectiveness of emission restrictions on PM1
aerosol chemistry.23 These studies examined the impact of
meteorological conditions and emission control on the changes
of the concentrations of particulate matter. However, there are
major uncertainties in emission inventories and in the models
themselves.8

Others applied statistical methods to decouple the effects of
meteorology to evaluate the impact of measures on air quality.

For example, during Beijing Olympic Games, the mean
atmospheric compositions under two similar stable weather
pattern stages were used to quantify the outcomes of banning
the 300 000 yellow-tag vehicles by removing meteorological
influences as much as possible.24 Recently, comprehensive
parameters linking air quality to meteorological conditions
index based on the mass concentration of PM2.5 were
employed to estimate the contribution of meteorological
conditions to the improvement of air quality in Beijing during
Asia Pacific Economic Cooperation (APEC) in 2014, China’s
V-Day parade in 2015.25

Machine learning models, including the boosted regression
trees and random forest (RF) algorithms generally show higher
prediction accuracy because of their strength in modeling
complex relationships between response and predictor
variables26 and have a better performance compared to
traditional statistical and air quality models by reducing
variance/bias and error in high-dimensional data sets.8 Deep
learning algorithms such as the kernel methods, which include
support vector machines and artificial neural networks, have
been used widely but it is hard to interpret the working
mechanisms as well as the results within these models.18,27,28

RF has the advantage of not being a “black-box” method,29

where the learning process can be explained, investigated, and
interpreted. Recently, a novel machine learning technique
based on an RF algorithm and the latest R-packages were used
to quantify the real trend in criteria pollutants in order to
evaluate the effectiveness of the Action Plan in Beijing.8

Here, we applied the same technique to a unique data set of
nonrefractory submicron (NR-PM1) species determined by an
aerodyne aerosol mass spectrometer (Q-AMS) as well as PM1
precursor gases (SO2 and NO2) in the winters of 2007, 2016,
and 2017. This enabled us to quantify the real change in the
concentrations of NR-PM1 species from 2007 to 2017 and thus
evaluate the effectiveness of air pollution interventions in
reducing the concentration of NR-PM1 species in Beijing for
the first time.

■ MATERIALS AND METHODS
Sampling Site, Instrumentation, and Data Sources.

PM1 chemical species data in this study were obtained from
three independent campaigns at the China Meteorological
Administration (CMA, 116°19.395′E, 39°56.916′N) campus.
This is a typical urban background site. A detailed description
of the sampling site is given by Zhang et al.15 The three
campaigns were conducted in winter 2007 (11th November to
12th December 2007 and 4th January to 31st January 2008),
2016 (26th October 2016 to 2nd January 2017), and 2017
(28th October 2017 to 20th January 2018). Air was sampled
through a PM10 cyclone (16.7 L min−1) to remove the particles
larger than 10 μm. The Q-AMS as well as other instruments
were located inside a container on the roof of a 13-floor
building. An automatic aerosol dryer unit30 was installed on
top of the container to dry the inlet air with relative humidity
(RH) < 30%. All of the aerosol instruments shared a common
sampling inlet to maintain the consistency and comparability
of aerosol studies with other works. Organics (Org), sulfate
(SO4), nitrate (NO3), ammonium (NH4), and chloride (Chl)
were measured by Q-AMS every 5 min. Furthermore,
supplementary data including PM1 concentrations were
measured concurrently by GRIMM180 (Aerosol Technik
Inc., USA), PM2.5 mass concentrations were downloaded
from the Guanyuan station data set in the Chinese Environ-
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mental Protection Agency (CEPA) website (http://zx.
bjmemc.com.cn/), and daily PM2.5 concentrations obtained
from the filter samples31 were utilized to verify the final
collection efficiency for AMS during three campaigns.
Trace gaseous pollutants, including NO2, SO2, CO, and O3,

were also monitored at the same site by Thermo Environ-
mental Instruments (CO, NO2, SO2, and O3) for winter of
200732 and were downloaded from the Guanyuan station data
set CEPA website for winters of 2016 and 2017. The
Guanyuan station is a typical urban background site and was
only 2 km away from the study site. The surface hourly
meteorological data, including temperature, RH, pressure,
precipitant, wind speed, and wind direction, were provided by
Beijing airport meteorological observation station, which were
measured at 30 m above the ground. The boundary layer
height data was acquired from WRF simulation (WRF-ARW
3.9). Three nested domains with a horizontal resolution of 25,
5, and 1 km were configured. The initial and boundary
conditions were provided by the NCEP FNL data available at 1
× 1° in longitude and latitude at every 6 h. The Yonsei
University (YSU) planetary boundary layer (PBL) parameter-
ization was employed. A more detailed description on
boundary layer height estimation from the YSU PBL
parameterization scheme can be referred to Hong et al.33

Deweathering Using RF Algorithm. An RF algorithm,
based on an ensemble of decision trees, was employed to

model the concentration of chemical species by time variables
(yearly, day of the year, day of week, and hourly) and
meteorological variables (wind speed, wind direction, RH,
temperature, and atmospheric pressure).18,30,34 The algorithm
describes the relationship between hourly concentrations of an
air pollutant and its predictor variables. The RF model was first
constructed from a training data set (e.g., 70% of all data
available) of observed concentrations of a pollutant and its
predictor variables and then validated by unseen data set
(testing data set accounting for 30% of all data points).
The original data sets contain hourly concentration of

organics, sulfate, nitrate, ammonium, and chloride in PM1,
NO2, SO2, O3, and CO for gaseous pollutants as well as their
predictor variables, which include time variables (ttrend)
represented by Unix Epoch time, hour (0−23), day of week
(Monday to Sunday), and meteorological parameters (wind
speed, wind direction, pressure, temperature, and RH). The
testing data sets were randomly chosen for studying the
correlation coefficient between daily observed and predicted
values (Figure S1).
The weather normalized technique predicts the concen-

trations of an air pollutant at a specific measured time point
but with varying meteorological conditions (deweathered
concentration). The deweathering technique was first intro-
duced by Grange et al.18 Both time variables (month, week,
and hour) and meteorological parameters, except the trend

Figure 1. Boxplot of the PM1 chemical components, gaseous pollutants, and meteorological variables in winters of 2007, 2016, and 2017 in Beijing,
with mean (line in the middle of boxes), median (cross in the middle of boxes), 5, 25, 75, and 95% percentiles.

Table 1. Average Mass Concentrations of Chemical Species and Gaseous Pollutants (Observed and Deweathered) for Three
Winters (2007, 2016, and 2017) in Beijing (Mean ± Standard Deviation); Organics, Sulfate, Nitrate, Ammonium, Chloride,
and PM1, SO2, NO2, and O3 in μg m−3, CO in mg m−3a

organics sulfate nitrate ammonium

year Obs Norm Obs Norm Obs Norm Obs Norm

2007 42.7 ± 33.5 41.0 ± 18.5 11.1 ± 12.0 11.2 ± 2.0 10.4 ± 11.5 11.1 ± 2.7 6.7 ± 6.7 7.2 ± 1.5
2016 40.3 ± 33.3 36.7 ± 7.7 13.9 ± 14.8 12.3 ± 2.4 19.1 ± 17.7 15.7 ± 3.6 12.9 ± 11.7 10.5 ± 2.0
2017 18.8 ± 18.8 22.6 ± 4.4 3.5 ± 6.2 4.6 ± 1.1 8.5 ± 13.6 11.5 ± 3.6 4.0 ± 5.7 5.5 ± 1.2

chloride NR-PM1 SO2 NO2

year Obs Norm Obs Norm Obs Norm Obs Norm

2007 3.6 ± 3.7 3.5 ± 0.9 74.6 ± 63.1 74.2 ± 13.6 88.1 ± 69.2 86.6 ± 25.4 65.3 ± 34.3 70.3 ± 10.4
2016 3.9 ± 3.6 3.3 ± 0.9 90.2 ± 77.3 78.7 ± 15.0 17.7 ± 13.4 15.3 ± 3.4 76.7 ± 41.7 66.6 ± 10.9
2017 1.4 ± 1.8 1.7 ± 0.4 36.1 ± 44.2 46.3 ± 8.7 8.1 ± 6.8 9.4 ± 2.2 52.6 ± 32.2 59.1 ± 9.3

O3 CO

year Obs Norm Obs Norm

2007 24.2 ± 24.5 25.1 ± 10.3 2.2 ± 1.8 2.3 ± 0.6
2016 13.9 ± 17.2 18.0 ± 8.1 2.1 ± 1.7 1.8 ± 0.3
2017 32.9 ± 24.5 25.7 ± 7.3 0.9 ± 0.7 1.1 ± 0.2

aNotes: Obs=Observed, Norm=Deweathered
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variable, were resampled randomly and were added into the RF
model as input variables to predict the concentrations of
chemical species and gaseous pollutants.34

In our algorithm, only weather data (MET data) sets were
resampled from the 10 year meteorological conditions in
Beijing (2007−2017) rather than MET data during the study
periods to better represent the average conditions. Meteoro-
logical data variables at a specific selected hour of a particular
day in the input data sets were replaced randomly by the
meteorological data at that hour for a period of 2 weeks before
and after that selected data for all the 10 year meteorological
data sets (called deweathered concentrations).8 For example,
the new input weather data at 01:00 15/12/2016 are randomly
selected from the observed data at 01:00 am on any date from
1st to 29th December of any year in 2007−2017. The selection
process was repeated 1000 times to generate a final input data
set. Each of the 1000 data was then fed to the RF model to
predict the concentration of a pollutant or a PM1 species; the
1000 predicted concentrations were then averaged to calculate
the final weather-normalized concentration for that particular
hour, day, and year.8

■ RESULTS

PM1 Chemical Species in Winter 2007, 2016, and
2017. Figure 1 shows the general characteristics of organics,
sulfate, nitrate, ammonium, and chloride in PM1 (NR-PM1),
gaseous pollutants (SO2, NO2, O3, and CO), key meteoro-
logical variables (wind speed and RH) and PBL heights. High
time-resolution variations for these parameters were shown in
Figure S2. PM1 mass concentration (±1σ) in the winter 2007,
2016, and 2017 was 74.6 ± 63.5, 90.2 ± 77.3, and 36.1 ± 42.2
μg m−3, respectively (Table 1). The mass concentration of
PM1 in 2017 decreased by 52 and 60% compared with that in
2007 and 2016. This shows that there was a significant decline
in PM1 in 2017.
Organics, sulfate, nitrate, ammonium, and chloride in the

three winters (Figure 1 and Table 1) displayed a similar

temporal pattern as PM1, which was high in 2016 and low in
2017. In 2017, the mass concentration of organics, sulfate,
nitrate, ammonium, and chloride was 18.8, 3.5, 8.5, 4.0, and 1.4
μg m−3, respectively. Compared to those in 2007, sulfate and
chloride decreased by about 68 and 61%, respectively. From
2007 to 2017, the concentration of organics and ammonium
decreased by 56 and 40%, but that of the nitrate decreased
only by 18%.
Chemical compositions of PM1 were somewhat different in

the three winters (Figure 2a). Among the five chemical species,
organics always dominated PM1, but its contribution to PM1
mass varied significantly58, 45, and 52% in 2007, 2016, and
2017, respectively. The second most important species in PM1
was nitrate, followed by sulfate and ammonium. Chloride
contributed the least to PM1. The proportions of nitrate to
total PM1 increased gradually from 14% in 2007 to 21 and 23%
in 2016 and 2017, indicating a more and more prominent
contribution to PM1 from nitrate. On the contrary, the
percentages of sulfate in PM1 reduced from 14% in 2007 to
10% in 2017.
SO2 decreased dramatically from 88.1 μg m−3 in 2007, to

17.7 μg m−3 in 2016, and 8.1 μg m−3 in 2017. This is
equivalent to decrease of 91% from 2007 to 2017. NO2
concentrations decreased from 65.3 μg m−3 in 2007 to 52.6
μg m−3 in 2017. Another gaseous pollutant CO, representing
the primary emissions from combustion processes, was 2.3 and
2.1 mg m−3 in the winters of 2007 and 2016, respectively, but
decreased to only 0.9 mg m−3 in 2017 (Figure 1 and Table 1).
RH in 2016 (60.4 ± 24.2%) was significantly higher than

that in 2007 (44.8 ± 23.7%) and 2017 (43.7 ± 22.9%), while
the wind speed in 2016 (2.9 ± 2.2 m s−1) was higher than that
in 2007 (2.5 ± 2.0 m s−1) but lower than in 2017 (3.2 ± 2.5 m
s−1). The height of PBL in winter 2016 was also lower than
that in the other two winters.

Deweathered PM1 Chemical Composition. The dew-
eathered mass concentration of PM1, its chemical species, and
the gaseous pollutants are listed in Table 1. In general, from

Figure 2. Average mass concentrations of PM1 and their chemical components based on observed (a) and deweathered (b) data sets in winters of
2007, 2016, and 2017.
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2007 to 2017, the deweathered PM1 chemical species such as
organics, sulfate, ammonium and chloride as well as SO2, NO2,
and CO decreased but to a different extent. SO2, sulfate,
chloride, and CO declined by more than 50% from 2007 to
2017, but nitrate increased during the same period. Moreover,
concentrations of PM1, sulfate, nitrate, and ammonium were
higher in 2016 than those in 2007, but a large decline was
observed from 2016 to 2017. The observed concentrations of
PM1 and its chemical species were lower than deweathered
ones in 2007 and 2017 but much higher in 2016.
The real mass concentrations of chemical species and

gaseous pollutants would be 15% (9−19%) lower in winter
2016 if under the 10 year average meteorological conditions,
suggesting an unfavorable weather conditions for pollutant
dispersion. They would be 30% (12−38%) higher in winter
2017 if under the 10 year average meteorological conditions,
suggesting a more favorable dispersion condition. This is
consistent with Vu et al. and Li et al.8,35 In 2007, the observed
values are comparable to that of deweathered values. The
diurnal cycles of PM1 chemical species before and after
deweathering in the three winters showed the differences in
more details (Figure S3).
Figure 2b displays the deweathered chemical compositions

of PM1 in the three winters. Organics was the dominant
species, accounting for 56, 47, and 49% of PM1 in winter 2007,
2016, and 2017, respectively. The contribution of nitrate to
PM1 increased from 15% in 2007 to 20% in 2016 and 25% in
2017 but that of the sulfate decreased from 15% in 2007 to
10% in 2017.

■ DISCUSSION
Evaluating Real Changes in PM Composition Due to

Clean Air Actions. The results of deweathered chemical
compositions allow us to evaluate the effectiveness of various
clean air action plans to improve air quality in the wintertime
Beijing. The observed concentrations of SO2 in winter 2007
(88.1 μg m−3) and 2017 (8.1 μg m−3) were comparable to
those of previous studies.32,35 The deweathered SO2
concentrations decreased by 82% from 2007 to 2016 and
39% from 2016 to 2017. Multiresolution Emission Inventory
for China (MEIC)36 estimated that the average emission flux
of SO2 in heating seasons of Beijing dropped by 79% from 19
kt/month in 2008 to 4 kt/month in 2016, primarily because of
reductions from industry and residential sectors (Figure S4). It
estimated a major decrease in SO2 emissions from power
plants for neighboring provincesTianjin and Hebei since
2014 (Figure S4). Thus, the trend in MEIC SO2 emission is
consistent with that of deweathered SO2 concentration,
indicating that the clean air action implemented since 2013
and the adoption of clean coal technologies that were enforced
by the “Action Plan for Transformation and Upgrading of Coal
Energy Conservation and Emission Reduction (2014−2020)”8
worked effectively.
Although SO2 reduced by 71.3 μg m−3 from 2007 to 2016,

sulfate concentration actually increased by 1.1 μg m−3, and
then decreased by 7.7 μg m−3 from 2016 to 2017. One possible
reason is the control of SO2 in Beijing was implemented
effectively during 2007 to 2016,37 but not in its surrounding
regions especially from industrial and residential sectors
(Figure S4). Cut in local emission does not necessarily lead
to the same degree of decrease in sulfate because the regional-
emitted SO2 can be transformed into sulfate during long-range
transport. Higher sulfate contribution from regional transport

was also reported by Sun et al. via the back trajectory method
on the chemical species.4 In 2017, SO2 emission control was
more efficient in both Beijing and the neighboring provinces
(the so-called “no coal zone policy”),10 which led to the lower
concentration of sulfate in PM1 (deweathered). Change in
chemistry of SO2 oxidation may be another reason, which is
discussed below.
The observed NO2 in winter 2007 (65.3 μg m−3) is similar

to those reported in previous work (approximately 69 μg
m−3).32 The deweathered NO2 concentration decreased by 5%
but that of nitrate increased by 41% in winter 2016 relative to
that in 2007. MEIC estimates that NOx emissions from power
plants in wintertime of Beijing, Tianjin, and Hebei decreased
by 50, 70, and 47% from 2008 to 2016, respectively, but
emissions from industry increased by 36 and 19% in Tianjin
and Hebei, with no declining trend from the residential sector
(Figure S4). Furthermore, decrease in NOx emission from
individual vehicles was compromised by increasing number of
vehicles in Beijing (from 3.12 million in 2007 to 5.71 million in
2016, http://www.mep.gov.cn). These data suggest that
emission controls from power plant contribute largely to the
NO2 decrease in winter 2016 from 2007, while the NOx
emission controls from industry and residential sectors from
neighboring provinces were less efficient.
In 2017, a number of control measures were put in place to

control NOx emissions including both on-road and off-road
vehicles, improved end-of-pipe control such as the application
of low nitrogen-burning technologies for the combustion
equipment as well as enhanced management of heavily
polluting vehicles,10 which resulted in the reduction of NO2
and nitrate by 11 and 27%, respectively, in winter 2017 relative
to 2016.
Deweathered ammonium reduced from 7.2 μg m−3 in winter

2007 to 5.5 μg m−3 (by 23%) in winter 2017. This is generally
consistent with the MEIC, which estimated that NH3 from
agricultural emission, the predominant NH3 source, reduced
by 22% in 2016 in comparison to 2008.
Deweathered PM1 organics decreased by 45.7% in winter

2007 (41.6 μg m−3) in comparison to 2017 (22.6 μg m−3),
most of which was from 2016 to 2017. Emissions from
vehicles, coal combustion, biomass burning, and cooking are
considered as major primary sources of organics.5,12,16

Secondary organics is formed in the atmosphere through
various oxidation reactions of volatile organic compounds
(VOCs). MEIC showed that during the Beijing wintertime,
integrated control of VOCs led to 11% reduction of emissions
from 2008 to 2016. VOC emissions from transportation and
residential sector decreased by 66 and 14%, respectively, while
those from industry and power plant increased by 65 and 160%
(Figure S4). The policies of replacing coal-fired boilers with
electrical and natural gas boilers, strengthened controls on
vehicle emissions,35 and thorough forbiddance of biomass
burning in late 201610,35 worked effectively to reduce the
primary organics and secondary organic aerosol precursors
from 2016 and 2017.
In summary, the controlling measures from industries and

power plants in Beijing and its neighboring provinces,
replacement of coal-fired boilers in Beijing, and elimination
of small, clustered, and polluting factories worked effectively in
reducing the concentrations of PM1 and its precursors (SO2,
NO2, and VOCs), while the emissions from industries remain a
big challenge.
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Significance of Meteorology in Year-by-Year Varia-
tions of Air Pollutant Concentrations. The observed PM1
in 2016 is 2.5 times higher than in 2017 (Table 1), while
deweathered PM1 in 2016 is 1.7 times higher than in 2017.
The observed and deweathered PM2.5 in 2016 (109.9, 91.2 μg
m−3) is 2.5 and 1.5 times higher than those (44.8, 61.9 μg
m−3) in 2017, respectively, which is consistent with our PM1
results. Meteorology played an important role in the variations
of PM in the winter. The impacts of RH, wind direction, wind
speed, temperature, pressure, as well as the day of week, hourly
variation, and the trends on the prediction performance of
chemical species and gaseous compounds are shown in Figure
S5. The results show that the most important variable impact
on SO2 was the trend (i.e., the variation pattern for species),
indicating that the change in concentration of SO2 is mainly
due to its emission reduction. Mass concentration of all of the
other species was very sensitive to RH, followed by its trend
(except for NO2). Wind speed affects the trend of NO2,
organics, chloride, PM1, and CO more than that of the trend.
Concentrations of sulfate, nitrate, and ammonium are
correlated with hourly variations and temperature fluctuation,
which are associated with the photochemical process and/or
the changes of emissions from sources.
We also explored the time series of the ratios between

observed and deweathered concentrations for the species
(Figure S6). The ratios of particulate species display a similar
variation trend, so do the gas phases including SO2, NO2 and
CO. O3 is an exception, which is not surprising considering its
completely different formation mechanisms. Average ratios of
the observed to deweathered concentrations of organics are
slightly higher than those of the sulfate, nitrate, ammonium,
and chloride. This indicates that the concentrations of organics
are more sensitive to meteorological variations than the main
inorganic ions. This is likely due to the differences in formation
mechanisms rather than the emission changes. More modeling
work is needed to fully understand this difference, which is out
of the scope of this current study.
Higher RH and lower wind speed in 2016 contributed to the

higher observed PM1 concentration.5,12,38 The high RH was
one prerequisite for the rapid sulfate formation via multiphase
reactions.39 Shen et al.,40 found an exponential trend of the
aerosol liquid water content (ALWC) with the RH. The high
mass loading of ALWC promoted the secondary formation
processes of the secondary inorganics aerosol (SIA). The SIA
enhanced the ability of aerosol water uptake, which further

promoted the heterogeneous reactions. This was a self-
amplifying process between the ALWC and SIA that could
further enhance the particle mass loading in the ambient; lower
wind speed leads to poorer dispersion conditions, contributing
to the accumulation of air pollutants.38 We showed that low
RH and high wind speed in 2017 led to lower observed PM1
concentrations,40 consistent with Vu et al.8 and Cheng et al.10

Changes on PM1 Chemistry and Challenges for
Future Air Pollution Control. With the implementation of
clean air actions, the chemistry of PM1 in the 10 years changed
substantially. The contribution of organics to PM1 in winter
2017 decreased significantly in comparison to 2007, which is
consistent with studies during 2014−201612 and 2014−
2017.35 Sulfate increased by 1% in winter 2016 than in 2007.
A previous study also suggested that the change in relative
contribution of sulfate to PM1 was relatively small (<2%) from
2014−2016.12 The largest decline in concentration took place
from 2007 to 2017 (by −59%) among all measured PM1
chemical species. Meanwhile, the contribution of sulfate to
PM1 mass also decreased. This is consistent with the result by
Xu et al. and Li et al. during 2014−2017.12,35 Deweathered
data show that sulfate chemistry changed significantly in the
winter from 2007 to 2017. The oxidation ratio for sulfate
(SOR, the molar ratio of sulfate to the sum of sulfate and SO2)
was only 0.08 in winter 2007 but increased dramatically to 0.35
in 2016. Although lower than that in winter 2016, SOR in 2017
was still three times higher than in 2007. The high SOR in
2016 and 2017 explained the less dramatic decrease in sulfate
concentrations from 2007 in comparison to SO2 (Figure 3).
There are a few possible mechanisms leading to this trend. The
first one is the variation in RH. High RH (60.4%, and even
98% at times) in 2016 potentially enhanced the aqueous phase
oxidation of SO2 to form sulfate especially during severe haze
events.41−43 A year-long study in Beijing from 2012 to 2013
also revealed that a rapid increase in the sulfur oxidation ratio
at a RH threshold of 45%.39 Li et al.44 pointed out that
ammonium bisulfate formation would occur readily on the
surface of water via a loop-structure-promoted proton-transfer
mechanism. In contrary, decreased SO2 emissions and lower
RH (40%) in winter 2017 suppressed the rapid formation of
secondary sulfate through heterogeneous reactions35 resulting
in lower observed sulfate concentration. A second possible
mechanism is a change in aerosol acidity. The ratio of NH4

+

and anions (SO4
2−, NO3

−, and Cl−) in 2007, 2016, and 2017
was 0.78, 0.97, and 0.92, respectively (Table 2), indicating

Figure 3. Average observed and deweathered (Norm) mass concentrations and changes of chemical species in PM1 and gaseous pollutants in
winters of 2007, 2016, and 2017.
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aerosols were more acidic in 2007 than in 2016 and 2017.
Higher acidity in PM1 in winter 2007 may have inhibited the
conversation of SO2 to sulfate, whereas weaker acidity in PM1
in 2016 promoted the conversion of SO2 conversion. However,
the exact mechanisms remain controversial.42,45 Furthermore,
higher relative contribution of regional sulfur species to
ambient levels in Beijing air may have led to the increase in
the SOR in winter 2017, as mentioned above. More aged air
masses are likely to have a higher SOR.39 The above
mentioned discussions suggest that a clearer understanding
on the chemistry of SO2 oxidation is needed to avoid further
increase in SOR, which compromises the impact of emission
reduction in SO2 on PM1 mass.
The deweathered concentration of nitrate in PM1 showed a

substantial increase in winter 2016 but slightly higher in winter
2017 in comparison to that in 2007 (Table 1). In the
meantime, because of the substantial decrease in PM1, the
contribution of nitrate to PM1 exhibited an increasing trend
from 15% in winter 2007 to 25% in 2017. On the other hand,
deweathered concentrations of NO2 decreased by about 16%
in winter 2017 compared to that in 2007. Accordingly, the
oxidation ratio for nitrate (NOR, the molar ratio of nitrate to
the sum of nitrate and NO2) increased from 0.11 in winter
2007 to 0.13 in winter 2017. This suggests that the chemistry
of NO2 oxidation and/or regional transport may have
contributed to the increasing trend of nitrate contribution to
PM1. Because of its short lifetime, NOx emitted in adjacent
regions would be largely transformed into particulate nitrates
during transport. A higher contribution of regional transport to
nitrates in PM1 in Beijing would lead to an increase in NOR. In
the atmosphere, NH3 tends to react with H2SO4 to form
ammonium sulfate first and excess NH3 participates in
ammonium nitrate formation.13,35 According to the aerosol
thermodynamic equilibrium, less available ambient NH3 favors
more HNO3 staying in the gas phase instead of partitioning
into aerosols and then inhibits the formation of ammonium
nitrate.13 In summary, secondary aerosol pollution in Beijing
has gradually changed from sulfate- to nitrate-driven in recent
years (Table 2). Reduction of nitrate concentration and its
precursor, NOx, is a major challenge.
Although the mass concentration and proportion of organics

in PM1 decreased from 2007 to 2017, organics concentration
was still the highest contributor to PM1 (49% in winter 2017).
The mass concentration of organics (18.8 μg m−3) in 2017 is
comparable to that in the Mexico City (17.3 μg m−3) and three
times higher than that in Pittsburg (4.8 μg m−3).46 Reducing
the concentration of organics in fine particles requires
mitigation measures to control primary organic emission as
well as secondary organic aerosol precursors, VOCs.5,12,35

Our results confirmed that the emission reduction due to the
“Clean Air Actions”, rather than meteorology, is the main
driver of the reduction in airborne concentrations of PM1 and

its chemical components. However, there are still challenges
for air pollution control, for example

• Increasing relative importance of nitrate in PM1
pollution.

• Complex nonlinear chemistry of sulfate and nitrate
formation, in the presence of high ammonia emissions.

• High contribution of organics to PM1, as a result of both
primary emissions and secondary formation from VOCs.

■ ASSOCIATED CONTENT
*S Supporting Information
The Supporting Information is available free of charge at
https://pubs.acs.org/doi/10.1021/acs.est.9b04678.

Detailed information about the performance of the RF
model in predicting the daily mass concentrations of
chemical species, time series of parameters in high time
resolutions, diurnal cycles of observed and deweathered
chemical concentrations in three winters, emission
amount of gaseous pollutants of BTH in wintertime,
relative importance of the predictor variables in the final
RF submodel, and variations of the observed/deweath-
ered for species (PDF)

■ AUTHOR INFORMATION
Corresponding Authors
*E-mail: ymzhang@cma.gov.cn. Phone: +86 1058993350. Fax:
+86 1062176414 (Y.Z.).
*E-mail: z.shi@bham.ac.uk (Z.S.).
ORCID
Yangmei Zhang: 0000-0001-8825-1469
Weijun Li: 0000-0003-4887-4260
Zongbo Shi: 0000-0002-7157-543X
Notes
The authors declare no competing financial interest.

■ ACKNOWLEDGMENTS
This study was supported by the National Natural Science
Foundation of China (41675121 and 41775121), National Key
Project of Ministry of Science and Technology of the People’s
R e p u b l i c o f C h i n a ( 2 0 1 6 Y FC 0 2 0 3 3 0 5 a n d
2016YFC0203306), and Basic Research Project of Chinese
Academy of Meteorological of Sciences (2017z011 and
2017z001); Z.S. is funded by NERC (NE/N007190/1);
Beijing Municipal Science and Technology Project
(Z181100005418016).

■ REFERENCES
(1) Gao, M.; Carmichael, G. R.; Wang, Y.; Saide, P. E.; Yu, M.; Xin,
J.; Liu, Z.; Wang, Z. Modeling study of the 2010 regional haze event
in the North China Plain. Atmos. Chem. Phys. 2016, 16, 1673−1691.
(2) Liang, C.-S.; Duan, F.-K.; He, K.-B.; Ma, Y.-L. Review on recent
progress in observations, source identifications and countermeasures
of PM2.5. Environ. Int. 2016, 86, 150−170.
(3) He, K.; Yang, F.; Ma, Y.; Zhang, Q.; Yao, X.; Chan, C. K.; Cadle,
S.; Chan, T.; Mulawa, P. The characteristics of PM2.5 in Beijing,
China. Atmos. Environ. 2001, 35, 4959−4970.
(4) Sun, J.; Zhang, Q.; Canagaratna, M. R.; Zhang, Y.; Ng, N. L.;
Sun, Y.; Jayne, J. T.; Zhang, X.; Zhang, X.; Worsnop, D. R. Highly
time- and size-resolved characterization of submicron aerosol particles
in Beijing using an Aerodyne Aerosol Mass Spectrometer. Atmos.
Environ. 2010, 44, 131−140.

Table 2. SOR, C/A, and N/S in Three Wintersa

SOR C/A NOR N/S

2007 0.08 0.78 0.11 1.12
2016 0.35 0.97 0.15 4.48
2017 0.25 0.92 0.13 7.29

aSOR = [SO4
2−]/[SO2 + SO4

2−], C/A = [NH4]/[SO4
2− + NO3

− +
Cl−], N/S = [NO2 + NO3

−]/[SO2 + SO4
2−], all of the values in the

brackets are in molar.

Environmental Science & Technology Article

DOI: 10.1021/acs.est.9b04678
Environ. Sci. Technol. 2020, 54, 1344−1352

1350

https://pubs.acs.org/doi/10.1021/acs.est.9b04678?goto=supporting-info
http://pubs.acs.org/doi/suppl/10.1021/acs.est.9b04678/suppl_file/es9b04678_si_001.pdf
mailto:ymzhang@cma.gov.cn
mailto:z.shi@bham.ac.uk
http://orcid.org/0000-0001-8825-1469
http://orcid.org/0000-0003-4887-4260
http://orcid.org/0000-0002-7157-543X
http://dx.doi.org/10.1021/acs.est.9b04678


(5) Zhang, Y.; Wang, Y.; Zhang, X.; Shen, X.; Sun, J.; Wu, L.; Zhang,
Z.; Che, H. Chemical Components, Variation, and Source
Identification of PM1 during the Heavy Air Pollution Episodes in
Beijing in December 2016. J. Meteorol. Res. 2018, 32, 1−13.
(6) Sun, Y.; Jiang, Q.; Wang, Z.; Fu, P.; Li, J.; Yang, T.; Yin, Y.
Investigation of the sources and evolution processes of severe haze
pollution in Beijing in January 2013. J. Geophys. Res.: Atmos. 2014,
119, 4380−4398.
(7) Shi, Z.; Vu, T.; Kotthaus, S.; Harrison, R. M.; Grimmond, S.;
Yue, S.; Zhu, T.; Lee, J.; Han, Y.; Demuzere, M.; Dunmore, R. E.;
Ren, L.; Liu, D.; Wang, Y.; Wild, O.; Allan, J.; Acton, W. J.; Barlow, J.;
Barratt, B.; Beddows, D.; Bloss, W. J.; Calzolai, G.; Carruthers, D.;
Carslaw, D. C.; Chan, Q.; Chatzidiakou, L.; Chen, Y.; Crilley, L.; Coe,
H.; Dai, T.; Doherty, R.; Duan, F.; Fu, P.; Ge, B.; Ge, M.; Guan, D.;
Hamilton, J. F.; He, K.; Heal, M.; Heard, D.; Hewitt, C. N.; Hollaway,
M.; Hu, M.; Ji, D.; Jiang, X.; Jones, R.; Kalberer, M.; Kelly, F. J.;
Kramer, L.; Langford, B.; Lin, C.; Lewis, A. C.; Li, J.; Li, W.; Liu, H.;
Liu, J.; Loh, M.; Lu, K.; Lucarelli, F.; Mann, G.; McFiggans, G.;
Miller, M. R.; Mills, G.; Monk, P.; Nemitz, E.; O’Connor, F.; Ouyang,
B.; Palmer, P. I.; Percival, C.; Popoola, O.; Reeves, C.; Rickard, A. R.;
Shao, L.; Shi, G.; Spracklen, D.; Stevenson, D.; Sun, Y.; Sun, Z.; Tao,
S.; Tong, S.; Wang, Q.; Wang, W.; Wang, X.; Wang, X.; Wang, Z.;
Wei, L.; Whalley, L.; Wu, X.; Wu, Z.; Xie, P.; Yang, F.; Zhang, Q.;
Zhang, Y.; Zhang, Y.; Zheng, M. Introduction to the special issue “In-
depth study of air pollution sources and processes within Beijing and
its surrounding region (APHH-Beijing)”. Atmos. Chem. Phys. 2019,
19, 7519−7546.
(8) Vu, T. V.; Shi, Z.; Cheng, J.; Zhang, Q.; He, K.; Wang, S.;
Harrison, R. M. Assessing the impact of clean air action on air quality
trends in Beijing using a machine learning technique. Atmos. Chem.
Phys. 2019, 19, 11303−11314.
(9) UN Environment. A Review of 20 Years’ Air Pollution Control in
Beijing; United Nations Environment Programme: Nairobi, Kenya,
2019.
(10) Cheng, J.; Su, J.; Cui, T.; Li, X.; Dong, X.; Sun, F.; Yang, Y.;
Tong, D.; Zheng, Y.; Li, J.; Zhang, Q.; He, K. Dominant role of
emission reduction in PM2.5 air quality improvement in Beijing
during 2013-2017: a model-based decomposition analysis. Atmos.
Chem. Phys. 2019, 19, 6125−6146.
(11) Zhang, X.; Xu, X.; Ding, Y.; Liu, Y.; Zhang, H.; Wang, Y.;
Zhong, J. The impact of meteorological changes from 2013 to 2017
on PM2.5 mass concentration in key regions in China. Sci. China:
Earth Sci. 2019, 49, 1−18.
(12) Xu, W.; Sun, Y.; Wang, Q.; Zhao, J.; Wang, J.; Ge, X.; Xie, C.;
Zhou, W.; Du, W.; Li, J.; Fu, P.; Wang, Z.; Worsnop, D. R.; Coe, H.
Changes in Aerosol Chemistry From 2014 to 2016 in Winter in
Beijing: Insights From High-Resolution Aerosol Mass Spectrometry. J.
Geophys. Res.: Atmos. 2019, 124, 1132−1147.
(13) Seinfeld, J. H.; Pandis, S. N. Atmospheric Chemistry and Physics:
From Air Pollution to Climate Change; John Wiley & Sons: 2012.
(14) Sun, Y.; Du, W.; Fu, P.; Wang, Q.; Li, J.; Ge, X.; Zhang, Q.;
Zhu, C.; Ren, L.; Xu, W.; Zhao, J.; Han, T.; Worsnop, D. R.; Wang, Z.
Primary and secondary aerosols in Beijing in winter: sources,
variations and processes. Atmos. Chem. Phys. 2016, 16, 8309−8329.
(15) Zhang, Y.; Sun, J.; Zhang, X.; Shen, X.; Wang, T.; Qin, M.
Seasonal characterization of components and size distributions for
submicron aerosols in Beijing. Sci. China: Earth Sci. 2013, 56, 890−
900.
(16) Sun, Y. L.; Wang, Z. F.; Fu, P. Q.; Yang, T.; Jiang, Q.; Dong, H.
B.; Li, J.; Jia, J. J. Aerosol composition, sources and processes during
wintertime in Beijing, China. Atmos. Chem. Phys. 2013, 13, 4577−
4592.
(17) Zhang, J. K.; Sun, Y.; Liu, Z. R.; Ji, D. S.; Hu, B.; Liu, Q.; Wang,
Y. S. Characterization of submicron aerosols during a month of
serious pollution in Beijing, 2013. Atmos. Chem. Phys. 2014, 14,
2887−2903.
(18) Grange, S. K.; Carslaw, D. C.; Lewis, A. C.; Boleti, E.; Hueglin,
C. Random forest meteorological normalisation models for Swiss
PM10 trend analysis. Atmos. Chem. Phys. 2018, 18, 6223−6239.

(19) Wang, L.; Jang, C.; Zhang, Y.; Wang, K.; Zhang, Q.; Streets, D.;
Fu, J.; Lei, Y.; Schreifels, J.; He, K.; Hao, J.; Lam, Y.-F.; Lin, J.;
Meskhidze, N.; Voorhees, S.; Evarts, D.; Phillips, S. Assessment of air
quality benefits from national air pollution control policies in China.
Part II: Evaluation of air quality predictions and air quality benefits
assessment. Atmos. Environ. 2010, 44, 3449−3457.
(20) Wang, S.; Xing, J.; Zhao, B.; Jang, C.; Hao, J. Effectiveness of
national air pollution control policies on the air quality in
metropolitan areas of China. J. Environ. Sci. 2014, 26, 13−22.
(21) Wu, P.; Ding, Y.; Liu, Y. Atmospheric Circulation and Dynamic
Mechanism for Persistent Haze Events in the Beijing−Tianjin−Hebei
Region. Adv. Atmos. Sci. 2017, 34, 429−440.
(22) Chen, H.; Wang, H. Haze Days in North China and the
associated atmospheric circulations based on daily visibility data from
1960 to 2012. J. Geophys. Res.: Atmos. 2015, 120, 5895−5909.
(23) Li, H.; Zhang, Q.; Duan, F.; Zheng, B.; He, K. The “Parade
Blue”: effects of short-term emission control on aerosol chemistry.
Faraday Discuss. 2016, 189, 317−335.
(24) Zhang, X. Y.; Wang, Y. Q.; Lin, W. L.; Zhang, Y. M.; Zhang, X.
C.; Gong, S.; Zhao, P.; Yang, Y. Q.; Wang, J. Z.; Hou, Q.; Zhang, X.
L.; Che, H. Z.; Guo, J. P.; Li, Y. Changes of Atmospheric
Compositions and Optical Property over Beijing: 2008 Olympic
Monitoring Campaign. Bull. Am. Meteorol. Soc. 2009, 90, 1633−1651.
(25) Zhang, Y.; Wang, J.; Yang, Y.; Li, D.; Wang, Y.; Che, H.; Deng,
G. Contribution distinguish between emission reduction and
meteorological conditions to “Blue Sky”. Atmos. Environ. 2018, 190,
209−217.
(26) Zhan, Y.; Luo, Y.; Deng, X.; Zhang, K.; Zhang, M.; Grieneisen,
M. L.; Di, B. Satellite-Based Estimates of Daily NO2 Exposure in
China Using Hybrid Random Forest and Spatiotemporal Kriging
Model. Environ. Sci. Technol. 2018, 52, 4180−4189.
(27) Kotsiantis, S. B. Decision trees: a recent overview. Artif. Intell.
Rev. 2013, 39, 261−283.
(28) Tong, W.; Hong, H.; Fang, H.; Xie, Q.; Perkins, R. Decision
Forest: Combining the Predictions of Multiple Independent Decision
Tree Models. J. Chem. Inf. Comput. Sci. 2003, 43, 525−531.
(29) Jones, Z.; Linder, F. Exploratory Data Analysis using Random
Forests. 73rd Annual MPSA Conference: Chicago, USA, 2015.
(30) Tuch, T. M.; Haudek, A.; Müller, T.; Nowak, A.; Wex, H.;
Wiedensohler, A. Design and performance of an automatic
regenerating adsorption aerosol dryer for continuous operation at
monitoring sites. Atmos. Meas. Tech. 2009, 2, 1143−1160.
(31) Hu, G.; Sun, J.; Zhang, Y.; Shen, X.; Yang, Y. Chemical
Composition of PM2.5 Based on Two-Year Measurements at an
Urban Site in Beijing. Aerosol Air Qual. Res. 2015, 15, 1748−1759.
(32) Lin, W.; Xu, X.; Ge, B.; Liu, X. Gaseous pollutants in Beijing
urban area during the heating period 2007-2008: variability, sources,
meteorological, and chemical impacts. Atmos. Chem. Phys. 2011, 11,
8157−8170.
(33) Hong, S.-Y.; Noh, Y.; Dudhia, J. A new vertical diffusion
package with an explicit treatment of entrainment processes. Mon.
Weather Rev. 2006, 134, 2318−2341.
(34) Grange, S. K.; Carslaw, D. C. Using meteorological normal-
isation to detect interventions in air quality time series. Sci. Total
Environ. 2019, 653, 578−588.
(35) Li, H.; Cheng, J.; Zhang, Q.; Zheng, B.; Zhang, Y.; Zheng, G.;
He, K. Rapid transition in winter aerosol composition in Beijing from
2014 to 2017: response to clean air actions. Atmos. Chem. Phys. 2019,
19, 11485−11499.
(36) Zhang, Q.; Streets, D. G.; Carmichael, G. R.; He, K. B.; Huo,
H.; Kannari, A.; Klimont, Z.; Park, I. S.; Reddy, S.; Fu, J. S.; Chen, D.;
Duan, L.; Lei, Y.; Wang, L. T.; Yao, Z. L. Asian emissions in 2006 for
the NASA INTEX-B mission. Atmos. Chem. Phys. 2009, 9, 5131−
5153.
(37) Li, X.; Zhang, Q.; Zhang, Y.; Zheng, B.; Wang, K.; Chen, Y.;
Wallington, T. J.; Han, W.; Shen, W.; Zhang, X.; He, K. Source
contributions of urban PM2.5 in the Beijing-Tianjin-Hebei region:
Changes between 2006 and 2013 and relative impacts of emissions
and meteorology. Atmos. Environ. 2015, 123, 229−239.

Environmental Science & Technology Article

DOI: 10.1021/acs.est.9b04678
Environ. Sci. Technol. 2020, 54, 1344−1352

1351

http://dx.doi.org/10.1021/acs.est.9b04678


(38) Zhong, J.; Zhang, X.; Wang, Y.; Sun, J.; Zhang, Y.; Wang, J.;
Tan, K.; Shen, X.; Che, H.; Zhang, L.; Zhang, Z.; Qi, X.; Zhao, H.;
Ren, S.; Li, Y. Relative Contributions of Boundary-Layer Meteoro-
logical Factors to the Explosive Growth of PM2.5 during the Red-
Alert Heavy Pollution Episodes in Beijing in December 2016. J.
Meteorol. Res. 2017, 31, 809−819.
(39) Fang, Y.; Ye, C.; Wang, J.; Wu, Y.; Hu, M.; Lin, W.; Xu, F.;
Zhu, T. RH and O3 concentration as two prerequisites for sulfate
formation. Atmos. Chem. Phys. Discuss. 2019, 19 (19), 12295−12307,
DOI: 10.5194/acp-2019-284.
(40) Shen, X. J.; Sun, J. Y.; Zhang, X. Y.; Zhang, Y. M.; Zhong, J. T.;
Wang, X.; Wang, Y. Q.; Xia, C. Variations in submicron aerosol liquid
water content and the contribution of chemical components during
heavy aerosol pollution episodes in winter in Beijing. Sci. Total
Environ. 2019, 693, 133521.
(41) Gen, M.; Zhang, R.; Huang, D. D.; Li, Y.; Chan, C. K.
Heterogeneous SO2 Oxidation in Sulfate Formation by Photolysis of
Particulate Nitrate. Environ. Sci. Technol. Lett. 2019, 6, 86−91.
(42) Cheng, Y.; Zheng, G.; Wei, C.; Mu, Q.; Zheng, B.; Wang, Z.;
Gao, M.; Zhang, Q.; He, K.; Carmichael, G.; Pöschl, U.; Su, H.
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